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SARSA (State-Action-Reward-State-Action) EHE a Q(ss,a)
1. 204 a, £ (up) 5
o HERAMAE s, (£ - REERME IEIZENE a;.
o LUBEE 1 — e SEF5ET Q(s), ) SREAENIRATEE (FIF) . & (down) 10
= LUBEER e BEIEE—EE (RR) . % (left) 0
2. 8 az i1
o FETF—RT 5101, ERRIER e BBHEME EENE ar11. A (right) 7
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policy BY%4.
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Qo) = Qo)+ + 7y max Qoo o)) - Qo)

OFEAE: FIF TD B#R (Temporal Difference) RIEIFELH Q {H.
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Dueling DQN QA ARAFINNERS
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Q(s,a) = V(s) + A(s, o) FES T VIEFNABEEERE—ERYEIR:

+ XJTFE—4H Q(S,a) FEFLERT V(s) #1 A(s,a) HIES.
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